INTRODUCTION
sample set of 21 European breeds (Supplementary Table 1 ) and the Indian Garole breed (GAR) 161 was used as an outgroup, again with five migration edges for TreeMix visualisation. 162
Galway and ten other breeds using 47,412 genome-wide SNPs and fastSTRUCTURE (version 165 1.0) (Raj et al., 2014) as described previously by us (Browett et al., 2018) . The analysis was 166 performed with the model complexity, or number of assumed populations, K = 2 to 11. The 167 simple prior approach described by Raj et al. (2014) was used, which is sufficient for modelling 168 population/breed divergence. The "true" K-value for the number of ancestral populations was 169 estimated using a series of fastSTRUCTURE runs with pre-defined K-values that were 170 examined using the chooseK.py script (Raj et al., 2014). Outputs from the fastSTRUCTURE 171 analyses were visualised using the DISTRUCT software program (version 1.1) with standard 172 parameters (Rosenberg, 2004) . 173
Modelling of Current and Historical Effective Population Size

174
Current and historical effective population size (Ne) trends were modelled with genome-175 wide SNP linkage disequilibrium data from 47,412 genome-wide SNPs for the core sample set 176 using the SNeP software tool (version 1.1) (Barbato et al., 2015) implementing the method for 177 unphased SNP data as described previously by us (Browett et al., 2018) . Graphs used to 178 visualise trends in Ne were generated using ggplot2 (Wickham, 2016) . 179
Analysis of Genomic Inbreeding and Runs of Homozygosity
180
Analysis of genomic inbreeding based on the inbreeding coefficient (F) estimated from 181 SNP heterozygosity data was performed using 47,412 genome-wide SNPs and the PLINKobserved using pruned or unpruned data for a SNP data set of similar size (Binns et al., 2012) . 
Genome-wide Detection of Signatures of Selection and Functional
196
Enrichment Analysis
197
The composite selection signal (CSS) method (Randhawa et al., 2014) To examine these historical trends in Ne more systematically, the data for each breed 294 were shown to be not normally distributed using the Kolmogorov-Smirnov test (Supplementary  295   Table 3 ). Therefore, the non-parametric general Kruskal-Wallis test followed by pairwise Table 3 ); therefore, the median F values were generated and evaluated for each breed 313 (Supplementary Table 6 Table 7 ). These 328 results showed that the majority of pairwise comparisons were highly significant, again 329 reflecting the distinct demographic histories of each breed. 330
Overall, comparable results to those obtained using the genomic inbreeding coefficient 331 (F) were observed for inbreeding coefficients estimated using ROH (FROH) (Figure 7,  332 Supplementary Tables 3, 6 and 8). However, there were some notable differences; in particular, 333 the lower median FROH value of 0.101 for the Soay breed (SOA) is likely due to their longer 334 geographical isolation and a consequence of early historical inbreeding that produced ROH 335 tracts, which have broken down due to recombination (Barrett, 2012; Purfield et al., 2012). It 336 is also notable that the Galway breed contains several individual animals with higher FROH 337 values (GAL15, GAL16, GAL18, GAL26 and GAL36) indicating that this statistic is useful 338 for identifying animals that should not be prioritised for conservation programmes. Withmay also be reflected in the results obtained using genomic information reported in the present 344 study. It is important to note that monitoring of inbreeding for genetic conservation and 345 management of potentially deleterious recessive genomic variants can be greatly informed 346 through evaluation of ROH parameters using high-density SNP data (Peripolli et al., 2017) 347
The mean sum of ROH for different length categories varies among the breeds (Figure  348 Haematological system development and function 26 0.037-0.000
Hair and skin development and function 7 0.016-0.000
Immune cell trafficking 13 0.037-0.001
Connective tissue development and function 15 0.037-0.001
